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Motivation and Objectives Data Assimilation in the State-Space Muskingum Cunge Model Streamflow Prediction in Carmel Watershed
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Figure 4: Spatial Influence of DA with one gauge Figure 6: Spatial Influence of DA with two gauges = DAimproves streamflow predictions in the validation locations in both watersheds, irrespective of

their geographical conditions.
= Streamflow in both upstream and downstream channels are updated.

= Spatial influence of DA increases with the number of assimilated gauges.

Conclusion and Future Works
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Figure 2: Llano Watershed




