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Using the Impulse—Response Pile Data for
Soil Characterization
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Abstract: The impulse-response (IR) test is the most commonly used field procedure for assessing the structural integrity of piles embedded
in soil. The IR test uses the response of the pile to waves induced by an impulse load applied at the pile head in order to assess the condition
of the pile. However, due to the contact between the pile and the soil, the recorded response at the pile head carries information not only about
the pile, but about the soil as well, thus creating the as-yet-unexplored opportunity to characterize the properties of the surrounding soil. In
effect, such dual use of the IR test data renders piles into probes for characterizing the near-surface soil deposits and/or soil erosion along the
pile—soil interface. In this article, we discuss a systematic full-waveform-based inversion methodology that allows imaging of the soil
surrounding a pile using conventional IR test data. We adopt a heterogeneous Winkler model to account for the effect of the soil on the
pile’s response, and the pile’s end is assumed to be elastically supported, thus also accounting for the underlying soil. We appeal to a partial
differential equation (PDE)-constrained-optimization approach, where we seek to minimize the misfit between the recorded time-domain
response at the pile head (the IR data), and the response due to trial distributions of the spatially varying soil stiffness, subject to the coupled
pile—soil wave propagation physics. We report numerical experiments involving layered soil profiles for piles founded on either soft or
stiff soil, where the inversion methodology successfully characterizes the soil. DOI: 10.1061/ JENMDT.EMENG-6865. © 2023 American

Society of Civil Engineers.

Introduction

The analysis of dynamic soil-structure interaction problems and
the evaluation of seismic site effects requires characterization of the
dynamic properties of the shallow soil layers. Typical needs arise
in the aseismic design of infrastructure components (Kausel 2010),
or in the analysis of vibration effects in the built environment
(Lombaert et al. 2015). The dynamic soil properties, which typi-
cally include the low-strain shear and dilational wave velocities,
can be determined by either laboratory tests or in situ methods.
Laboratory tests, such as bender element tests and resonant column
tests, are well-established, but sample preparation may influence
the measurements (Rix et al. 2000).

Alternatively, the in situ evaluation of dynamic soil properties in-
clude borehole and surface methods. Borehole methods (e.g., cross-
hole and downhole tests) (Stokoe et al. 1978; Bregman et al. 1989)
provide a good resolution of the dynamic soil properties with depth,
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but are invasive, laborious, and expensive because boreholes are
required. Surface methods, such as the spectral analysis of surface
waves (SASW) method (Nazarian and Desai 1993; Stokoe et al.
1994), and its successor, the multichannel analysis of surface waves
(MASW) (Park et al. 1999), are based on measurements of free-
field vibrations generated by impacting the soil’s surface. Surface
methods are nonintrusive and relatively easy to perform, but have
limited resolution at larger depths (Schevenels et al. 2008), are
plagued by near-field effects, and are inherently one-dimensional
methods. More generally, the identification of soil properties from
in situ measurements relies on the solution of an inverse medium
problem. Commonly, the assumption of a horizontally layered me-
dium is made to make this inversion more tractable, but, recently,
full-waveform inversion techniques have emerged that do not rest
on such assumptions (Kallivokas et al. 2013; Fathi et al. 2015,
2016) and are viewed as the most promising for reconstructing the
soil profiles at shallow depths.

In assessing seismic risk to existing pile foundations or when
evaluating remaining service life, the condition assessment of piles
is also of importance. It is most often the case that the condition
assessment of piles embedded in soil is carried out without taking
into account the coupling effects with the surrounding soil [for ex-
ample, the nondestructive methods described by Rausche et al.
(1985) and Holeyman (1992)]. Methods are based on either high-
strain and low-strain dynamic pile loading. High-strain dynamic
pile testing involves high impact loading, where the force applied
at the pile head and the pile head velocity are monitored during
the impact. The main objective of high-strain dynamic pile testing
is to verify the ultimate bearing capacity of the pile, and the
load amplitude should be sufficiently high to mobilize the pile
capacity (Hertlein and Davis 2007). High-strain dynamic pile
testing involves signal matching of the measured signal with a
numerical model of wave propagation along the pile, and various
signal matching procedures of varying complexity have been
proposed (Middendorp and Verbeek 2004), such as CAPWAP

J. Eng. Mech.

J. Eng. Mech., 2023, 149(10): 04023078


https://doi.org/10.1061/JENMDT.EMENG-6865
https://orcid.org/0000-0003-0257-2718
https://orcid.org/0000-0003-0257-2718
mailto:heeyonghuh@utexas.edu
https://orcid.org/0000-0003-4854-6435
https://orcid.org/0000-0003-4854-6435
mailto:heedong.goh@utexas.edu
mailto:jwkang@hongik.ac.kr
https://orcid.org/0000-0002-3877-9748
mailto:stijn.francois@bwk.kuleuven.be
https://orcid.org/0000-0002-7701-6989
https://orcid.org/0000-0002-7701-6989
mailto:loukas@mail.utexas.edu
http://crossmark.crossref.org/dialog/?doi=10.1061%2FJENMDT.EMENG-6865&domain=pdf&date_stamp=2023-07-31

Downloaded from ascelibrary.org by Loukas Kallivokas on 07/31/23. Copyright ASCE. For persona use only; all rights reserved.

(Rausche et al. 2000), TNOWAVE (Courage and Bielefeld 1992),
and GRLWEAP (Rausche et al. 1992).

In contrast, low-strain dynamic pile test methods aim at verify-
ing pile integrity, where in practical applications the impact sources
are instrumented hammers, or low-amplitude harmonic vibration
shakers. A distinction should be made between the sonic-echo test
and the impulse—response test: the sonic-echo test is performed by
measuring the pile head velocity due to (low-amplitude) hammer
impact, whereas in the impulse-response (IR) test, the hammer
force is also measured using an instrumented hammer. The IR test
is the most frequently used test for assessing piles (Baxter et al.
2004; Davis 2003; Finno and Gassman 1998; Liao and Roésset
1997; Rausche 2004), and is considered cost-effective due to the
ease of the associated field procedures. The IR test is used to
assess the material properties of the pile, or its geometric properties
(cross-sectional area and length), and more rarely both; exceptions,
using a signal-matching inversion procedure, include th studies by
Shahram and Fakharian (2008) and Warrington (2016).

The two interests—soil characterization and pile condition
assessment—have been, by and large, treated separately: whereas
characterizing the soil prior to construction remains of critical im-
portance, postconstruction condition assessment of the coupled
soil-pile system should not treat each medium separately because
the coupled effects cannot be ignored (Ekanayake et al. 2013;
Phuong et al. 2016). Although the literature is very rich in reports
of both field and numerical investigations of dynamic soil—pile
interactions (e.g., Seylabi et al. 2017), due to its complexity, the
associated inverse problem has not been treated in a systematic
manner.

In earnest, a complete imaging of both the soil and the pile would
require that one inverts for the spatially distributed properties of both
media; this includes Young’s modulus, mass density, cross-sectional
area, and length of the pile, in addition to soil parameters. From an
inversion perspective, the task is daunting, and, to date, has not been
attempted. It is only recently that a semiempirical process has been
reported (Yu et al. 2022), where the IR data have been used to
simultaneously assess the pile’s and the soil’s characteristics, but
a bona fide inversion process has yet to be reported.

In this paper, we address the as-yet-unexplored use of IR mea-
surements to characterize the soil properties in the vicinity of the
pile. The key idea explored in this paper is that the recorded re-
sponse at the pile head carries information not only about the pile,
but about the soil as well due to the dynamic interaction between
the pile and the soil. Therefore, the IR test may allow to also char-
acterize the properties of the surrounding soil. In effect, such dual
use of the IR test data treats the pile as a probe, tasked with inferring

Impact load
Pile embedded |

the dynamic soil properties in the vicinity of the pile, and the method
could possibly also be used to detect erosion or pile-soil gaps
(Radhima et al. 2021) along the pile shaft. The explanation of the
methodology makes three key assumptions: (1) the soil in the vicin-
ity of the pile, although arbitrarily heterogeneous in depth, is hori-
zontally layered, (2) the soil is in contact with the pile along the
pile’s entire length, and (3) the induced soil response remains in the
small-strain regime. The first assumption does not preclude lateral
heterogeneity away from the pile’s immediate vicinity (e.g., within
a pile radius away from the pile), and the second assumption still
allows for weak pile—soil bonding to be captured in the form of
reduced soil stiffness.

This paper is organized as follows: in the next section, the
dynamic soil-pile model is introduced, where a heterogeneous
Winkler model is used to represent the soil surrounding an un-
capped axially loaded pile. The two most salient issues of the for-
ward problem are discussed, namely, the dispersive characteristics
of the coupled soil-pile problem and the sensitivity of the pile head
response to variations of the soil properties. In the following section,
the soil-pile model is used to formulate the IR-based soil characteri-
zation as a partial differential equation (PDE)-constrained optimiza-
tion problem. A full-waveform inversion technique is proposed,
where the misfit between the recorded time-domain response at
the pile head (the IR data) is minimized. The numerical implemen-
tation of the proposed methodology is discussed next, followed by
the Numerical Examples section, where we present the results from
four numerical experiments based on the proposed methodology.
The main conclusions are summarized in the last section.

Pile Embedded in Soil: Preliminary Considerations

The Forward Problem

Consider a homogeneous pile embedded in soil [Fig. 1(a)]. The pile
has length L, constant Young’s modulus E, mass density p, and
cross-sectional area A. The surrounding soil is assumed to be hetero-
geneous and is modeled using the Winkler hypothesis: its distrib-
uted stiffness per unit length is denoted with k(x), where x is the
axial coordinate measured from the pile head. The pile rests on a
soil layer, whose stiffness, following again a Winkler hypothesis,
is denoted with k,; the pile head is subjected to a dynamic load
P(r) [Fig. 1(b)]. The Winkler model is the simplest one can use
to represent the soil and is adopted herein precisely because of its
simplicity and common use in practice (Chin and Poulus 1991;
Crispin et al. 2018); however, the described methodology can readily

in soil medium

Heterogeneous
soil surrounding
the pile

(a)

Soil layer under
EA, p _/‘r>§n

Fig. 1. Pile embedded in soil: (a) physical model; and (b) mathematical idealization.
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Fig. 2. Typical response of a pile fixed at its end (k, = co) when
subjected to a Gaussian pulse head load: (a) no surrounding soil
(dashed line) and k(x) = 0; and (b) pile embedded in soil (solid line)
and k(x) = kg = 120 MN/m?.

accommodate more sophisticated soil models (e.g., Takemiya and
Yamada 1981; Holeyman and Whenham 2015) without substantial
changes to the approach.

The wave-propagation physics associated with the mathematical
model shown in Fig. 1(b) can be described by the following PDE:

0 ou 0u
— | EA— ) —ku—pA— =0, 0,L),re(0,7) (1
5 (Bage) - m xe(O.L).1€(0.7) (1)
subject to the following boundary conditions:
0
EAZY yP=0, x=0,1€(0.7) (2a)
Ox
du
EA67+ka/l:0, x:L,ZG (O,T) (2b)
X
and initial conditions of
u=0, r=0,x€(0,L) (3a)
0
a_L::O’ t=0,xe(0.L) (3b)

where u = u(x, ) = axial pile displacement.

Consider next a typical application of an IR test: the pile head
(x = 0) is subjected to a Gaussian pulse, and the response u(0, ) is
recorded at the same point. Fig. 2 depicts the normalized response
at the pile head for two contrasting cases: (1) when the effect of
the surrounding soil is ignored [k(x) = 0]; and (2) when the soil
is taken into account [k(x) = ko # 0]. In both cases, it is assumed
that the pile rests on bedrock (k; = 00).

As it can be seen, the two traces differ significantly: the differ-
ence is due to the soil, and it is precisely this difference in the record
that we seek to exploit to infer the properties of the soil. Said differ-
ently, the head record contains information about the surrounding
soil properties (and, in general, of the underlying soil too when
k, # 00), which we seek to reveal by, effectively, using the piles
as probes.

Dispersion and the Cutoff Frequency

In a free-standing pile [no surrounding soil and k(x) = 0], waves

propagate at a single velocity ¢ = \/E/p. However, the presence
of the soil leads to dispersive behavior, where waves propagate at
different frequency-dependent speeds. The behavior is typically
captured by the dispersion relation, which connects the spatial
wave number ¢ to the frequency f. For constant soil stiffness
k(x) = ko and for an infinitely long pile fixed at its end, the
dispersion relation reads
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Fig. 3. Dispersion curve of a pile with k(x) = ky (solid line) and
k(x) = 0 (dotted line). The shaded region below the cutoff frequency
depicts a band gap.

e- () -4 @

c

Fig. 3 depicts the dispersion behavior for two cases, correspond-
ing to k(x) = ky (solid line = dispersive) and k(x) = 0 (dotted
line = nondispersive), respectively.

Of importance is the shaded region between the origin and the
cutoff frequency f., which can be obtained by enforcing the
vanishing of the right-hand-side of the dispersion relation Eq. (4)

1 ko f.L 1 [kL?
= — —_— —_ P 5
Fe=aa\loa @ ¢ "2V Ea ()

Below the cutoff frequency, waves do not propagate and, con-
sequently, to be able to use the pile as a probe, it is imperative that
the frequency spectrum of the head load lies above the cutoff fre-
quency f.. In general, when the soil stiffness k(x) varies along the
pile length, the dispersion relation is more complicated than Eq. (4):
there can be multiple band gaps such as the shaded region of Fig. 3,
as indeed is the case with layered soils.

However, it can be shown, that the stiffness of the underlying
soil k;, does not impact the (first) cutoff frequency: consider, for
example, a pile with L = 45 m, p = 2,400 kg/m>, E = 40 MN/m?,
A =1m?, and ky = 120 MN/m?. Then, using Eq. (5), the cutoff
frequency is f. ~ 35 Hz. To illustrate the effect of the cutoff fre-
quency and its invariance with respect to k,, the pile head is sub-
jected to two different Gaussian pulses, whose spectral bandwidth
is f, = 20 Hz, and f}, = 200 Hz, respectively (the Appendix gives
a definition of the spectral bandwidth). In the first case, the pulse’s
frequency content lies below the cutoff frequency (f}, < f.), i.e., it
is fully contained in the band gap, whereas in the second case, a
good portion of the pulse’s frequency content is within the pass-
band of the dispersion plot.

Fig. 4 depicts the time histories of the displacement computed
at the pile head for the two Gaussian pulses, and for two different
values of k. In Fig. 4(a), the Gaussian pulse with the subcutoff
frequency content does not promote the propagation of waves for
either of the two k, values, whereas in Fig. 4(b), in the case of the
Gaussian pulse with the wider f;, spectrum, waves propagate and in
fact result in different traces for the two different &, values.

In conclusion, provided that the frequency content of the pile
head excitation is within the pass-bands of the dispersion relation,
even if partially, then the time trace of the response at the pile head
is sufficiently sensitive to variations of the soil properties to allow
for their determination via full-waveform inversion, as outlined in
the next section.
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Fig. 4. Pile head displacement histories for two Gaussian pulses with f, = 20 Hz and f;, = 200 Hz: (a) response due a Gaussian pulse with spectrum
in the band gap (f, = 20 Hz), where there is no propagation for any k,; and (b) response due a Gaussian pulse with spectrum in the pass-band
(fp = 200 Hz), where waves propagate and the response is sensitive to k.

Using the IR Data for Soil Characterization

In this section, we follow established lines of PDE-constrained op-
timization (Biegler et al. 2003; De Los Reyes 2015; Fathi et al.
2015) to invert for the properties of the soil in contact with the em-
bedded pile [k(x) and k,] when given time-domain records of the
applied load at the pile head and of the resulting motion recorded
also at the pile head; throughout, we also assume that the pile prop-
erties (EA and L) are known a priori. In general, k(x) is assumed to
vary arbitrarily with respect to x, i.e., there is no need to assume that
the surrounding soil is, for example, layered. Consequently, the
number of unknown material parameters that need to be determined
in order to recover the soil profile depends on the numerical discre-
tization scheme one uses to resolve the propagation of waves, and,
in general, is in the hundreds or thousands: the inverse problem of
determining the soil properties based on a single time-domain re-
cord is ill-posed and prone to solution multiplicity.

Full-Waveform Inverse Problem

Our starting point is the introduction of a Lagrangian functional £,
comprising a misfit functional F,,, a regularization term R (k) as-
sociated with the soil properties k(x), and the side imposition via
adjoint variables (or Lagrange multipliers) of the forward initial- and
boundary-value problem defined in Eqs. (1)—(3). Accordingly, let

E(l/t A Ao,AL,k kb

[ 9 Ou 0%u
T ou
+A Ao {EAaJrP(z)} x:()dt
T ou
EA—+k
+‘/0 )\L|: 8x+ bM:| X:Ldl (6)

where T = total period of observations; A(x, ), Ag(), and A, (¢) =
adjoint variables; and misfit functional F,, = difference, in the least-
squares sense, between the calculated u(0, 7) and the measured or
recorded pile head displacements u,, (0, ¢), normalized by the square
of the measured response, i.e., as follows:

1o [u(0.2) = u, (0, 1)]dr
T =y T (0, O

As is the often the case with inverse problems, here too there can
be multiple solutions for k(x) and k, that would simultaneously
minimize the misfit F,, and satisfy the forward problem: the inclu-
sion of the regularization term R (k) in Eq. (6) of the Lagrangian £

(7)
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aims at the alleviation of the solution multiplicity. In this work, we
explore two regularization schemes: a first-order Tikhonov (TN),
and a total-variation (TV) regularization scheme. The correspond-
ing regularization functionals R (k) for each of the two regulariza-
tion schemes are defined as

IR A (fb’i) dx,
R™V(k) = R A ' [(%)2%} i (8)

where € = small number. The regularization factor R controls the
amount by which the Lagrangian is penalized by the regularization
term, relative to the misfit. In general, the TN scheme penalizes
the high-frequency spatial oscillations of the soil properties k(x),
thereby eliminating any spatially rapid nonphysical property transi-
tions, thereby enforcing smooth profiles. In contrast, the TV scheme,
which is defined as the bounded variation seminorm of k(x), tends to
preserve discontinuities of k(x), such as those that may arise in lay-
ered soil profiles, while also penalizing spurious property oscilla-
tions in smooth regions. To find the properties k(x) and k, that
minimize the Lagrangian is equivalent to finding the properties that
simultaneously minimize the misfit and satisfy the underlying PDE
that describes the propagating waves.

RTN (k) =

Optimality Conditions

Next, we search for a stationary point of the Lagrangian by seeking
to satisfy the first-order optimality conditions. Accordingly, we re-
quire that the first variation 6,£ of £ with respect to the state var-
iable u(x,t), the first variations 6,L, 6, L, and 6, L of L with
respect to the adjoint variables \(x,7), Ay(), and A, (¢), and the
first variations ;£ and &, £ of L with respect to the sought-after
properties k(x) and k;, (or control parameters), all vanish. Specifi-
cally, enforcing the vanishing of the first variation of £ with respect
to A\, A\g, and A, results in

L[t o Ou Pu
6A£70zAA<S)\{a(EAa> ku pAa2]dtdx 0

9)
We=0= / 6)\0[EA—+P( )} dt=0 (10)
x=0
T Ou
6/\,£:0:>/ 5)\L{EA—+kbu] dr=0 (11)
) 0 8)6 x=L
J. Eng. Mech.
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Because 6\, 0\y, and 6\, are arbitrary, it can be readily deduced
that Egs. (9)—(11) recover the forward problem defined previously
in Egs. (1)-(3).

Enforcing the vanishing of the first variation of £ with respect to
u(x, ) yields

§,L—0
:/ (0.8) — 1,,(0, 1)]6u(0, )dt

Obu %6
// {Qx(EA ) kbu — pA8 ]dtdx

+/ A EADH dt+/ /\L[EA%”+1¢,,54 dr=0
0 Ox x=0 0

x=L

(12)
Using integration by parts while also taking into account the

initial conditions [Eq. (3)] and after rearranging terms, Eq. (12)
can be rewritten

/ 6u(0,1) {EA?(O t) + [u(0,1) — u,, (0, t)]} dt

2
//6uxt{ < g)\> kA — A(Z)\}dtdx

T (1 EANL, 1) + EAN, (1))dt
0 0x

N /T(SM(L,I) {—EA%(L, 1)+ k,,)\L(t)} dt

+ %5” (0.1)[EAN (1) — EAN(0, 1)]dt
0
- /0 pA%(x,T)A(x,T)dH A ! pAéu(x,T)%(x,T)dxzo
(13)

Considering the arbitrariness of the variations implicated in the
preceding, Eq. (13) results in the adjoint problem for \(x, 7), which
is defined as follows:

8 (. A 9\
ax(EA8>—k)\— AW—O, xe(0.L).re(0.T) (14)

subject to the following boundary conditions:

A
EA2C _u_u,), x=o01e(0.1)  (154)

Ox

O\
EA8—+kb)\:0, x:L,l‘E (O,T) (15b)

X

and final-value conditions
A=0, xe€(0,L),t=T (16a)
A

%:0, xe(OL), =T (16b)

From Eq. (13), it also holds that
AL(t) = =A(L,t), and Xo(zr) = A(0,1) (17)

Having obtained the forward and the adjoint problems, there
remains to seek to satisfy the third optimality condition by requir-
ing the vanishing of the first variations of £ with respect to k(x) and
ky,, respectively. Accordingly
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(SkLZO

L L T
R/ %d—ékdx - / / Audkdtdx =0
0 dx dx 0 0

1L "L L T
R %5/{ —R/ 5kﬂ2€dx—/ / Ok udtdx = 0
0o dx o Jo
dk dk
= R (L)SK(L) — R (0)6k(0)
[ d*k T
+/ 8k —R—z—/ )\udz]dx:O (18)
0 | dx 0

Because 6k(x), 6k(L), and 6k(0) are arbitrary, there results the
following boundary-value problem for k(x):

# ) = —rEK) —/T A, Ou(x, 0di =0, xe (0,L) (19)
dx 0
dk
EZO’ atx=0 and x=1L (20)

where ¢¢ = Fréchet derivative of the Lagrangian with respect to k.
Next, we seek to similarly enforce the vanishing of the first
variation of £ with respect to k; this results in the following:

T
(5/(;,[’ =0= 6kb/ ALu|x:Ldt =0 = 6kbgkb =0 (21)
0

where Eq. (17) was used, and ¢ = Fréchet derivative of the
Lagrangian with respect to k; defined

o = _/O'T AL, t)u(L, 1)dt (22)

Egs. (19) and (22) will vanish only when the soil properties k(x)
and k; coincide with the true or target properties. In deriving
Eq. (22), we used the TN scheme; if, instead, the TV scheme were
used, then Eq. (22) is replaced by

g (x) = REZZkKZD +e]_%—AT/\udt—0, xe(0.L1)
(23)

Implementation

Given a known pile head load P(r) and displacement measurements
u,,(0, 1), it is possible, albeit costly, to solve simultaneously the for-
ward problem [Egs. (1)-(3)], the adjoint problem [Egs. (14)-(16)],
and the control problems [Egs. (19)—(22)], and obtain the soil prop-
erties k(x) and k, that would satisfy the stationarity of the Lagran-
gian. Here, we opt for a reduced-space method, whereby the soil
properties k(x) and k;, are calculated iteratively. Specifically, at each
inversion iteration, the forward problem [Egs. (1)-(3)] is solved
first, using trial properties k(x) and k,. The resulting displace-
ments u(0, ¢) at the pile head are then used to construct the misfit
u(0, 1) — u,,(0,1), which, as previously shown, drives the adjoint
problem. The adjoint problem [Egs. (14)—(16)] is solved next, re-
sulting in the adjoint solution A(x, 7). To numerically solve the for-
ward and adjoint problems, we use finite elements to discretize in
space and a Newmark scheme to integrate in time the resulting
semidiscrete equations of motion.

Lastly, using the forward and adjoint solutions u(x, 7) and A(x, ),
respectively, the soil properties k(x) and k,, are updated using a con-
jugate gradient method with inexact line search that makes use of the
reduced gradients ¢* and g% defined in Egs. (19) and (22), respec-
tively. The details of the numerical scheme are provided next.
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Forward and Adjoint Discrete Problems

We appeal to a standard Galerkin procedure in order to solve nu-
merically using finite elements the forward and adjoint problems.
First, the weak form of Eq. (1) becomes

L 0%u OvOou
/0 pAvazder/ EA(’) g —dx
+ / kouds + kyp(L)u(L, 1) = s(0)P()  (24)
0

where v(x) € H'(£2), where 2 = {x:0 < x < L}, is an admissible
test function, and the boundary conditions in Eq. (2) were taken
into account.

Next, we introduce standard Lagrange-family approximations
¢ (x) for the trial function u(x, r) and test function v(x); their intro-
duction yields the classic semidiscrete form for the forward problem

Mo U(1) + KU (1) = F () (25)

where U(t) is the vector of nodal displacements u(x, ¢); and the mass
matrix M, stiffness matrix K, and force vector F(t) are defined,
respectively, as follows:

L
M = [ oA )7 ()

Kfor — /OL {EA &gi )8([);( %) + kep(x )¢T(x)} dx +kyp(L)p" (L)

FR (1) = ¢(0)P(1) (26)

Following similar steps for the adjoint problem yields the fol-
lowing weak form of Eq. (14):

L [P Ow O\
A pAw?dx—ﬁ—/ EA@ o dx+/ kwAdx

+ kyw(L)A(L, 1) = w(0)[u(0, ) — u,, (0, 7)] (27)

where w(x) = admissible test function. Introduction of approxima-
tions for A(x, 7) and w(x) would lead to the following semidiscrete
form for the adjoint problem:

MMIA(t) + KYA(r) = Fi(r) (28)

where A(t) is the vector of nodal values of the adjoint variable
A(x, 1), and

MY =MPr, K =K F(f) = p(0)[u(0, 1) — u,,(0,1)]

(29)

Although the forward semidiscrete form [Eq. (25)] is subject to
initial conditions [Eq. (3)], the adjoint semidiscrete form [Eq. (28)]
is subject to final conditions [Eq. (16)]. Clearly, the equality of the
system matrices between the forward and the adjoint problems
shown in Eq. (29) entails computational cost advantages, irrespec-
tive of the time integration scheme of choice.

Soil Property Updates

The continuous Winkler parameter k(x), representing the varying
in-depth soil stiffness, is discretized using N, linear elements, re-
sulting in Ny + 1 unknown nodal properties; thus

Ny+1

(x) ~ Z bi(x)k; =y (x)k (30)

where 1;(x) = basis functions; and k is the vector of nodal soil
property values. During each ith inversion iteration, the vector k
of the nodal values of k(x) is updated according to
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ki =k + ofdf (31)

where d¥ is the search direction vector at k;; and o = step length in
the d* direction. Similarly, the soil stiffness at the pile bottom k,, is
updated using

(kp)isr = (kp); + o (32)

where af” = step length in the direction of dfb. At each iteration, the
search directions are defined as the negative of the property gra-
dients, i.e., as follows:

d*=—gk and dY =—gP (33)

To complete the update process, it remains to define the gradients
g" and g% at each inversion iteration. To this end, g* is the discrete
version of the Fréchet derivative defined in Eq. (19), which is com-
puted by collocating Eq. (19) at the N + 1 nodal points where the
properties are evaluated; g*» was defined in Eq. (22). At each inver-
sion iteration, the misfit functional F,, is evaluated using the updated
material properties and compared against a preset tolerance. If it ex-
ceeds the tolerance threshold, then the inversion proceeds to the next
iteration. We used an inexact line search with a sufficient decrease
condition in the misfit functional, as measured by the following in-
equality (Armijo condition):

‘7:m(ki+h (kb)i+1) - fm(ki, (kh)’)
< min{yalgl - df. phrai gt di} (34)

where p* and p% are typically chosen to be small values,
e.g., b = pk» = 10719, If the inequality Eq. (34) is not satisfied, a
backtracking procedure is performed by multiplying the step lengths
(o and/or af”) by a contraction factor p € (0, 1) (e.g., p = 0.5) un-
til the sufficient decrease condition is satisfied. The step lengths for
k(x) and k, are determined independently because each has its own
search direction. The entire inversion process discussed thus far is
summarized as follows.

Algorithm 1. Inversion process for reconstructing soil stiffnesses
k(x) and k,

1: Choose p, /¥, and pike (e.g., p=0.5, pk = pb =10719)
: Choose initial step lengths &*, &%, and regularization factor R
: Set convergence tolerance fol (e.g., tol = 10712)

: Set the initial guess for ky and k

i<0

: Set of = ak, af” =ak, and R; =R
: Set (F,); =tol+1

: while ((F,,); > tol) do

9:  Solve the state problem for u(x, ¢)
10:  Solve the adjoint problem for A(x, 7)
11:  Update the regularization factor R;
12:  Compute gl [Eq. (19) for TN, Eq. (23) for TV]
13:  Compute gl [Eq. (22)]

14:  Compute the search directions d¥ and d b

15: while [(}-m)m (F,); > min{pkokgh - db, kol gk d¥}] do
16:  abpab if [(Fo)ir — (F), > phakgh - db]

17: ak” —pa" i [(F)ics = (F)i > phrag g dy]

18:  end while

19:  Update material properties k; and (ky,);
20 i<i+1

21: end while

[Egs. (1)-(3)]
[Egs. (14)-(16)]

[Egs. (31) and (32)]
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Inversion Acceleration Schemes

We are concerned with accelerating the convergence of the inversion
process, and to this end, we deploy schemes we have previously
used in similar problems: specifically, we consider a regularization
continuation scheme and a source frequency continuation scheme;
Kang and Kallivokas (2011) have givn implementational details.
The aim of the regularization factor continuation scheme is to main-
tain a balance between the misfit functional and the regularization
term in the Lagrangian: if the regularization factor becomes too
small, especially during early inversion iterations, the recovered soil
profiles will exhibit nonphysical fluctuations, whereas if it is too
large, the profile may become overly smoothed, the misfit may not
be reduced, and, consequently, the inversion process may fail to
converge.

With the frequency continuation scheme, we aim at gradually
refining the soil property profile by subjecting the pile to loads of
incrementally higher frequency content. We first probe using lower-
frequency content (still in the pass-band), and use the converged
profile as initial guess for a next step, where the probing is done

Table 1. Material properties of the three-layer target soil profile used in
Examples 1b, 2b, 3, and 4

using higher-frequency content. In this manner, we not only prog-
ress through the inversion with physically meaningful profiles, but
also alleviate solution multiplicity.

In addition, for the first time, we experimented with alternating
regularization schemes: specifically, we drive the early inversion
iterations with the Tikhonov scheme to filter out spurious solutions,
but switch to the total variation scheme in order to sharpen soil
profiles during later inversion stages. As the numerical examples
attest, alternating regularization schemes proved to be quite useful.

Numerical Examples

‘We discuss next results from four numerical experiments conducted
using the procedure outlined in the preceding sections. Throughout,
we used synthetic IR data to drive the soil characterization; in all
cases, synthetic data were generated using meshes that were differ-
ent from the ones used for inversion to avoid committing so-called
inverse crimes. For the first two examples, we used a pile embedded
in clayey soil of unknown stiffness distribution, but of known end
conditions: in the first example, the pile was assumed to rest on
bedrock (k;, = o0), whereas in the second example, the pile was
elastically supported with known k;. The third example pertains to
the most general case, where both the surrounding soil stiffness
k(x) and the underlain soil layer’s stiffness k;, were assumed un-

L. R G, (MP k (MN/m? Soil t . .
ayer ange (m) « MP2) (MN/m?) or ype known, and are, therefore, inverted for simultaneously. For the last
1 0<x<I5 40 120 Hard clay example, we report on the effect that measurement noise has on the
2 15<x<30 60 180 Sandy clay inversion. In all cases, we use both the regularization factor and
3 30<x<45 80 240 Sandy clay . .
source frequency continuation schemes.
0 . :
—Target profile
o Inverted profile
¢ Initial guess
5 10t
3 x10 ‘ ‘
—— Measured response
2+ ] . nvcrtcd response — 20l
L @ g
o ‘ z
S0 30t
35 -lr
2k 40 b
3 : : : : 45 : : : :
0 20 40 60 80 100 0 50 100 150 200 250
(a) t (ms) (b) k(x) (MN/m?)
10°
102k
<%
~+
E 10"
=
106k
0 1000 2000 3000 4000 5000
(c) Number of iterations

Fig. 5. Example la of a homogeneous soil target profile, IR data, resulting soil characterization, and inversion performance characteristics:
(a) measured versus computed pile head displacements u,, (0, ¢) for a pile embedded in homogeneous soil with k(x) = 120 MN/m? and k, = oo;
(b) homogeneous soil profiles for target (solid line), inverted (circles), and initial guess (diamonds); and (c) misfit evolution.
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Example 1: Pile Embedded in Clayey Soil with
Fixed Bottom

We consider first the pile depicted in Fig. 1(a) for which p =
2,400 kg/m?, E =40 GPa, A =1 m?, and L =45 m. The pile
was assumed fixed at its end. When using a Winkler model for
representing soil stiffness, there are several possibilities for as-
signing realistic values to the soil stiffness parameters (Anoyatis
and Lemnitzer 2017); among those, we adopted a model proposed
by Dobry and O’Rourke (1983) that sets the soil stiffness equal to
three times the soil’s shear modulus G,. For the first example, we
considered two target soil profiles, one homogeneous with constant
soil stiffness k(x) = 120 MN/m?, and a layered profile, compris-
ing three layers of equal thickness with increasing stiffness, as de-
tailed in Table 1.

The pile head was excited with a Gaussian pulse of amplitude
P, = 1,000 N. To generate the synthetic data, we used pulses with
different frequency bandwidth f;, (a mathematical description of
the Gaussian pulse and the definition of f, are provided in the
Appendix). To discretize the pile, we used quadratic elements with
0.225 m element length, resulting in 200 elements and 401 dis-
placement unknowns for each forward and adjoint problem solu-
tions. To represent the distributed soil stiffness we used 200 linear
elements, resulting in 201 nodal values for k(x).

Characterization of a Homogeneous Soil Profile

Fig. 5(a) shows the synthetically generated measured displace-
ment history u,,(0, ¢) recorded at the pile head due a Gaussian pulse
with f, =200 Hz and the computed response corresponding to
the inverted profile; as it can be seen, the agreement is excellent.
Fig. 5(b) depicts the initial guess (set at k(x) = 72 MN/m?), the

target, and the inverted profiles. As can be seen, the inverted profile—
reconstructed using 201 inverted-for nodal soil stiffnesses—matched
the target quite accurately. To arrive at the inverted profile, we used
the regularization factor continuation scheme, as well as the source
frequency continuation with six distinct Gaussian pulse loads with
f, = 200, 300, 400, 500, 600, and 700 Hz. Fig. 5(c) shows the evo-
lution of the misfit during the inversion process, which exhibits a
drop of about seven orders of magnitude.

Characterization of a Three-Layer Soil Profile

The inversion algorithm was also exercised to characterize the three-
layer soil profile described by the properties in Table 1. Fig. 6(a)
shows that the collected IR data at the pile head due to a Gaussian
pulse with f, = 200 Hz were matched closely by the computed
response based on the inverted profile. Fig. 6(b) shows the recon-
structed k(x) profile for the layered soil medium. As can be seen,
the soil profile obtained by the inversion matcheed exceedingly well
the true profile: this includes not only the soil stiffness values, but
also the layer thicknesses and layer interface locations. The inver-
sion process was initiated with a homogeneous guess of k(x) =
144 MN/m?, and both the regularization factor continuation and
the source continuation schemes were used—the latter with six
Gaussian pulses with f;, ranging from 200 to 700 Hz in steps of
100 Hz. In addition, owing to the alternating use of the TN and
TV regularization schemes described previously, the sharp layer
interfaces have been remarkably well reconstructed. Similarly
to Example la, Fig. 6(c) depicts the evolution of the misfit: the
occasional sharp rises in the misfit correspond to switching of the
source frequency content f, and are followed by sharp decreases,
as expected.

0 :
— Target profile
o Inverted profile
¢ Initial guess
10
x10” g
o
3t ——Measured response 1 ° |
o Inverted response 1>
2r oY z 20
T L =
!
H 5
S
2+t 40
3 ‘ ‘ . : 45 : -
0 20 40 60 80 100 100 150 200 250
(a) ¢ (ms) (b) k(x) (MN/m?)
10°
107
Ry
&
17} -4
o 10
=
10°F
0 50000 100000
(c) Number of iterations

Fig. 6. Example 1b of a three-layer soil target profile, IR data, resulting soil characterization, and inversion performance characteristics: (a) measured
versus computed pile head displacements u,, (0, ) for a pile embedded in a three-layer soil (k, = 00); (b) three-layer soil profiles for target (solid line),

inverted (circles), and initial guess (diamonds); and (c) misfit evolution.
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Table 2. Material properties of the four-layer soil profile with a stiff-over-
soft layer used in Example lc

Layer Range (m) G, (MPa) k (MN/m?) Soil type
1 0<x<10 40 120 Hard clay
2 10<x<20 60 180 Sandy clay
3 20<x<30 40 120 Hard clay
4 30<x<45 80 240 Sandy clay
x10”
3r ——Measured response 7

u, (0.1) (m)

o Inverted response

Characterization of a Four-Layer Soil Profile with
a Stiff-over-Soft Layer
One of the most challenging characterization problems arises when

a soft layer lies under a stiffer soil layer. Such soil layering tends to
mask the presence of the soft layer, and inversion algorithms, es-
pecially when overregularized, tend to result in profiles whose stiff-
ness increases monotonically with depth. To explore the capability

0 :
— Target profile
o o Inverted profile
° o ¢ Initial guess
10+ 5
&
L2
~ 20 e
E s’
= ° ]
o
b
[
30 S °§
40 -
45 ! !
100 150 200 250
(b) k(x) (MN/m?)

200000 300000

Number of iterations

3 . . . .
0 20 40 60 80 100
t (ms)
10°
i 102
5
&
17} -4
o= 10
=
10
0 100000
(c)

Fig. 7. Example 1c of a four-layer soil target profile with a stiff-over-soft layer, IR data, resulting soil characterization, and inversion performance
characteristics: (a) measured versus computed pile head displacements u,,(0, ) for a pile embedded in a four-layer soil profile with a stiff-over-soft
layer (k, = 00); (b) four-layer soil profiles for target (solid line), inverted (circles), and initial guess (diamonds); and (c) misfit evolution.

u (0.f) (m)

(a)

x 10~

20

%0
t (ms)

60

80 100

0 , ,
— Target profile
o Inverted profile
¢ Initial guess
10 -
~ 20y
S
=
30
401
45 ' ' ' '
0 50 100 150 200 250
(b) k(x) (MN/m?)

Fig. 8. Example 2a of a homogeneous soil target profile, IR data, and resulting soil characterization: (a) recorded pile head displacements u,, (0, ¢) for
a pile embedded in homogeneous soil with k(x) = 120 MN/m? and k, = 300.8 MN/m; and (b) homogeneous soil profiles for target (solid line),
inverted (circles), and initial guess (diamonds).
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of our inversion scheme to capture the stiff-over-soft layering, we
used the four-layer profile whose properties are described in Table 2.
The soil layering included a soft layer (20 m < x <30 m) sand-
wiched between two stiffer layers, and the bottom layer rested again
on rock (k;, = co). We initiated the inversion with a homogeneous
guess of k(x) = 144 MN/m?, and as before, both the regularization
factor continuation and the source continuation schemes were used.

x 10~

u (0,1) (m)

0 20 40 60 8 100
(a) ¢ (ms)

Fig. 7(a) depicts the computed response at the pile head obtained
using the inverted four-layer profile. As can be seen, it matched well
the IR data. Fig. 7(b) depicts the inverted four-layer profile against
the initial guess and the target profile: the algorithm delineated
well the sandwiched soft layer; departures from the very sharp tran-
sitions of the target profile can be further improved upon through
mesh refinement. Fig. 7(c) depicts the misfit’s evolution.

— Target profile
o Inverted profile
¢ Initial guess

o ° L
@ 20t D§
=
1,
30t 2 S
o
0.
4
40t
45 : :
100 150 200 250
(b) k(x) (MN/m?)

Fig. 9. Three-layer soil profiles of Example 2b for target (solid line), inverted (circles), and initial guess (diamonds): (a) recorded pile head dis-
placements u,,(0, r) for a pile embedded in a three-layer soil (k;, = 300.8 MN/m); and (b) three-layer soil profile for target (solid line), inverted

(circles), and initial guess (diamonds).
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Fig. 10. Simultaneous inversion for the distributed soil stiffness k(x) and the bottom soil stiffness k; of Example 3: (a) measured versus computed
pile head response; (b) three-layer soil profile of Example 3 for target (solid line), inverted (circles), and initial guess (diamonds); (c) convergence

of kp; and (d) misfit evolution.
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Example 2: Elastically Supported Pile Embedded in
Clayey Soil

Next, we allowed the pile of the previous example to be elastically
supported on a soil layer whose stiffness was modeled with the &,
spring, as shown in Fig. 1(b). The soil stiffness k;, can be expressed
as follows (Warrington 1997; Holeyman 1988):

4G,

k. —
b 1—v

(35)

where G, and v, = underlying soil’s shear modulus and Poisson
ratio, respectively; and r, = pile’s radius at the toe. Using customary
values and Eq. (35), we set k;, to 300.8 MN/m, and sought again to
characterize both a homogeneous soil profile (Example 2a), and a
three-layer profile (Example 2b), using the same target data as in
Example 1.

Figs. 8(a) and 9(a) depict the recorded pile head IR data for the
two soil profile cases, and Figs. 8(b) and 9(b) show the initial guess,
the target, and the reconstructed soil profiles. As the results attest,
the inversion algorithm successfully characterized the soil in the
pile’s vicinity with accuracy similar to the one exhibited in Exam-
ple 1 for both the homogeneous and layered soils.

Example 3: Simultaneous Inversion for k(x) and k,

We attempt next to characterize simultaneously the distributed soil
stiffness k(x) and the underlain soil’s stiffness k;, using the IR data
at the pile head. The target k(x) is the three-layer profile described
in Table 1, andthe target value of k;, was 300.8 MN/m. The mea-
sured pile head displacement time history was the same as for the

um(O,t) (m)

€ (f, = T00Hz) = = —Measur
(,=T00H) o Inverte

0 20 40 60 80 100
(a) £ (ms)

0

three-layer inversion of Example 2b [Fig. 9(a)]. We used a constant
initial guess k(x) = 144 MN/m? and set the initial guess for k, to
150.4 MN/m. Fig. 10(b) shows the reconstructed k(x) profile, and
Fig. 10(c) depicts the evolution of the k;, values during the inversion
iterations.

As can be seen, the simultaneous inversion recovered both the
three-layer soil profile and the underlain soil’s stiffness reasonably
well. During the early iterations, k, increased rapidly, and then
decreased gradually to the target value. The source frequency and
regularization factor continuation schemes played again a critical
role in the simultaneous inversion: we used consecutively the same
six Gaussian pulses as in previous examples, with f, ranging be-
tween 200 and 700 Hz, in steps of 100 Hz. The change of source
frequency can be identified in the variation of the misfit shown in
Fig. 10(d); it corresponds to the spikes in the curve. The source
frequency was updated to the next level every time the normalized
misfit was reduced to 5 x 107 during the inversion. Overall, the
misfit was reduced from a starting value of 6.2 x 10~! to approx-
imately 5 x 1077 after 130,000 iterations. To improve on the sharp-
ness of the layer interfaces, we used the TN regularization scheme
with the smallest f;, and switched to the TV scheme when process-
ing all subsequent loads. The calculated pile head displacement ob-
tained using the reconstructed k(x) and k; agreed well with the
recorded data, as can be seen in Fig. 10(a).

Example 4: Inversion Using Noisy IR Data

Lastly, we return to the three-layer profile of Example 2b with
the elastically supported pile and assess the effect of measurement

:; ° — Target profile
x f, =700 Hz
o
1ok O x, o f,=2000Hz |
oé‘, ¢ Initial guess
S x
0 x
ox o o
,é\ 20+ b )(o°
= ki
o"x
30¢ e
*x% o
401 ° e§-
8 %
45 - -
100 150 200 250
(b) k(x) (MN/m?)

10

Misfit F,,

—_
(=}

i

0 1000 2000 3000 4000 5000
(c) Number of iterations

Fig. 11. Example 4: three-layer soil target profile where the pile is elastically supported and soil profiles reconstructed using noisy data: (a) measured
pile head displacements u,,(0, ) with 5% Gaussian noise for the three-layer target k(x) profile of Example 2b versus computed displacements;
(b) three-layer soil profiles for target (solid line), inverted (circles), and initial guess (diamonds); and (c) misfit evolution.
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Fig. 12. Gaussian pulses with two bandwidth spectra of f;, 20 and 200 Hz (or, equivalently, for o of 23.87 and 2.387 ms, respectively): (a) Gaussian

pulse P(r); and (b) Fourier spectrum |P(f)].

noise in the ability of the inversion process to reconstruct the soil
profiles. Fig. 11(a) depicts the measured displacement response
u,,(0, 1) when 5% Gaussian noise was injected. The target k(x) pro-
file was again the same three-layer profile described in Table 1, and
k;, has been set to 300.8 MN/m, and is considered a priori known.
Fig. 11(b) shows the target, initial guess, and inverted k(x) profiles.
As before, here too we exploited the source frequency and regu-
larization factor continuation schemes to alleviate solution multi-
plicity. To address the presence of noisy data, we used 13 probing
Gaussian pulses—all resulting in noisy measurements—with f,
ranging from 200 to 2,000 Hz (source frequency bandwidth was
incremented in 100-Hz steps between 200 and 1,000 Hz, and in
200-Hz steps between 1,000 and 2,000 Hz). The TN regularization
was used in all cases. Fig. 11(c) shows the evolution of the misfit:
due to the noise, the misfit was reduced to only 2.8% of its initial
value. Still, as shown in Fig. 11(a) there was good agreement be-
tween the computed pile head displacements and the noisy IR data,
testifying to the fact that the inversion algorithm has reasonably
well-characterized the soil even in the presence of noisy data.

Conclusions

We discussed a full-waveform inversion approach for characteriz-
ing the soil in contact with a pile when given the recorded time
traces of displacements at the pile head generated by short pulse
loads also applied at the pile head. To model the soil, we used the
Winkler hypothesis, but other soil models can be similarly accom-
modated. With the aid of synthetically generated pile head data, we
demonstrated the ability of the developed approach to fully char-
acterize vertically heterogeneous soils enveloping the pile, includ-
ing the soil layer on which the pile is founded. The developed
approach extends the potential use of the traditional IR data, under
the assumption that the pile’s integrity has not been compromised.
Importantly, however, the approach opens the possibility for simul-
taneously characterizing the soil and assessing the pile’s condition
under a joint inversion procedure where the pile’s characteristics
(material and geometric properties, EA and L) are inverted for to-
gether with the soil properties.

Appendix. Gaussian Pulse Characteristics
Let P(r) be defined as the Gaussian pulse described by
P(t) = p,e(=67"/27) (36)

where p, = amplitude of the pulse at peak time 30. The amplitude
P(f) of the Fourier transform of the Gaussian pulse is
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P(f)] = poV2mo2e 27 f (37)

Thus, in the time domain, the sharpness of the pulse is con-
trolled by o [Fig. 12(a)]; in the frequency domain, it can be shown
that, approximately 99.7% of the pulse’s spectrum lies between a
zero frequency and 3/(2wo) [Fig. 12(b)]. Accordingly, we define
the pulse’s bandwidth of interest as follows:

fy=3/(2mo) (38)
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